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Abstract 
 
The paper presents a method based on artificial neural network (ANN) 
technique applied for correction of dynamic error of gas concentration 
measuring transducer. Its response time is about 8 minutes. The results 
obtained in the research of this transducer were used for learning and 
testing ANN, which were implemented in the dynamic correction task. The 
described method allowed for significant reduction of the transducer’s 
response time – the output signal was practically fixed after a time equal to 
one sampling period of output signal provided that the stimulus is a step 
function. In addition, the use of ANN allows reducing the impact of the 
transducer dynamic non-linearity on the correction effectiveness. 
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1. Introduction 
 

The response time of gas sensors to a rapid change in gas 
concentration is usually quite long - from a few to several minutes. 
This is due to two reasons: the phenomenon of chemical 
adsorption in a sensitive layer occurs relatively slowly [1-4] and 
often additional filters and screens are used e.g. for separation of 
undesirable substances. In many measurement applications such  
a long time may be unacceptable for industrial and safety systems. 
The possibilities of shortening the response time by a suitable 
design of the sensor or applying better materials of sensing layer 
are still being examined [e.g. 5].  

Shortening the response time of the transducer is also possible 
by the use of a correction procedure implemented by various 
methods in the next section of the measuring chain, as shown in 
Fig. 1. The sensor can be conventionally divided into two parts. 
The dynamic part corresponds to a slow adsorption (or desorption) 
of particles on the surface of the sensitive layer, including the 
possible permeation through the filter, if used. The static part 
represents changes of an electrical parameter (e.g. conductivity) of 
the layer as a result of molecules adsorption. The conditioning 
circuit produces an output signal u, which depends on the gas 
concentration. Supplementing the measuring chain with an 
algorithm of dynamic correction, allows to obtain a corrected 
output signal uc, which value is fixed after a shorter time. Because 
the both mentioned parts of the sensor are generally non-linear 
(static and dynamic) [6, 7], then the correction algorithms should 
take this feature into account. In the case of only dynamic 
correction in some cases satisfactory results can give a correction 
based on a simplified linear model [7]. 

A method of dynamic correction based on neural network is 
discussed in this article. Research was carried out for gas 
concentration measuring transducer described in [8] with solid-
state resistive sensor of a SnO2 sensitive layer (type TGS2442 
Figaro). 
 

 
 
Fig. 1. Structure of the gas concentration transducer with dynamic and static 

correction 

 

2. Investigation of the sensors dynamics 
 

The analysis of dynamic properties of gas sensor, carried in a 
theoretical way or by a simulation method [2-4], has a significant 
cognitive meaning. However, in practice, it is necessary to 
introduce some measurement results to obtain numerical values of 
parameters of a model. In the case of gas sensors it is easy to 
perform by the step response method. Abrupt changes of the gas 
concentration may be obtained by rapid changes of the flow in the 
channel with respective constituent gases. The simplified scheme 
of system that was used in measurements is shown in Fig. 2. This 
system is more particularly described in [7]. 

 
 

 
 
Fig. 2. Simplified diagram of the measuring system 

 
During the tests the gas concentration was sequentially changed 

abruptly as shown in Fig. 3a. The resulting changes in the output 
signal u are shown in Fig. 3b. 

 
a) 

 
b) 

 
Fig. 3. a) Changes in the gas concentration, b) the corresponding changes of the 

transducer’s output voltage 
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As it is visible the fixed value of output signal, corresponding to 
the actual constant value of gas concentration, is obtained after 
about ten minutes. A dynamic error of measurement may be 
define as: e(t) = Ĉ(t)  C = ku(t)  C, where k is sensitivity of the 
transducer, and C is the constant value of gas concentration in 
particular phases. This error is a function of time and decreases to 
zero for the steady state. The time interval tr from a step change in 
gas concentration, until the error e(tr) is less than 5% of the 
steady-state value, is called the response time of measuring 
transducer. For the investigated transducer time tr is approximately 
7-8 minutes. 
 
3. Dynamic corrector based on artificial  

neural network 
 
3.1. Correction based on dynamic model  

of sensor 
 

In general, the dynamic properties of the transducers are often 
modeled by an n-th order linear or non-linear differential equation. 
The real-time dynamic correction algorithm can be achieved by 
numerical solving this equation due to the input quantity. The 
main disadvantage of such a dynamic correction algorithm is 
necessity to identify values of the coefficients of equation 
describing the dynamics model. Various methods for the 
identification of the dynamic model are developed in relation to 
the measuring transducers [e.g. 9, 10] . In the simplest case, the 
dynamic model of the transducer can be described by a linear first 
order differential equation [1, 7]: 
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where T is called time constant, and k is sensitivity (gain) of 
transducer (for a linear static model). 

The numerical algorithm for dynamic correction in real-time 
takes in this case the form [7, 9]: 
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where uc(n) represents corrected values of the voltage u(t) (Fig.1) 
at the tn moment of time, (n = 0, 1, 2, … ) and 
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Ts is the sampling period, T is the time constant of sensor. 

As it can be seen, the designation of the coefficients  and  
requires the identification of parameters, in this case time constant 
T. This in turn requires a separate process of model identification. 
It can be difficult to implement a procedure, as it may be 
ineffective, time consuming and costly, especially for the higher 
order or nonlinear dynamic model of a sensor. An alternative in 
such situations is to use an artificial neural network (ANN) [11-
14] which „performs" this type of identification in the learning 
process. 
 
3.2. Neural network implementation of the 

real-time dynamic error correction 
 

The equation (2) can be written in the form: 
 

 )()1()( 21 nuwnuwnuc  . (4) 

 
where w1 =  , and w2 =  /are the weighting factors of 
neuron of a simple structure shown in Fig. 4a. 

In the idealized case, when the sensor is described precisely by  
a linear differential equation of first order (1), the corrected result 
is achieved after a time equal to one sampling period Ts.  

For the practical verification of effectiveness of the dynamic 
correction implemented by a single linear neuron, the learning 
process was carried out. The results of the dynamic correction for 
the test data set are presented in the section 3.3. 

As it was described in [7, 11], the linear dynamic model (1) is 
useful, but only as a simplified (“averaged”) model. In order to 
take into account the dynamic non-linearity of the sensor, the 
neural network should be expanded by a hidden layer of neurons 
with sigmoidal transfer functions [15, 16]. During the research, 
ANNs were tested with the number of hidden neurons from 2 to 
16, which has shown that in a given case four neurons in the 
hidden layer are sufficient, so the ANN has the 2-4-1 structure 
illustrated in Fig. 4b. Increasing the number of neurons in the 
hidden layer or increasing the number of layers did not results in  
a significant correction improvement. 
 
 

a) 

 
b) 

 
Fig. 4. Structures of ANNs realizing real-time dynamic error correction:  

a) linear neuron in the case of the sensor model described by first order  
linear differential equation (1), b) 2-4-1 structure of ANN which allows  
to take into account the non-linearity of the sensor's dynamic 

 
 
3.3. Efficiency of the correction performed  

by ANN 
 

Efficiency of the proposed correction methods was verified for 
sequence of step changes of gas concentration shown in Fig. 5. 
Both methods were compared taking into account three main 
aspects: the degree of shortening the response time, the impact of 
the sensor dynamic non-linearity and the impact of random errors.  

Fig. 6 shows the results of dynamic correction implemented by  
a single linear neuron. There exist correction errors, resulting from 
the use of the simplified first order linear model to describe the 
dynamics of the sensor. For some phases of the test sequence 
overshoots occur, but in general the response time is shortened.  

Furthermore, it can be noticed that random errors, resulting from 
the quantization process, are in this case increased by the 
correction algorithm. This component of dynamic error can be 
reduced in some degree by increasing the resolution of A/D 
converter and/or by decreasing the sampling period Ts. To verify 
this thesis further investigations should be conducted. 

In turn, Fig. 7 illustrates the results of the dynamic correction 
implemented by the 2-4-1 ANN (Fig. 7b). It can be seen that the 
addition of a hidden layer improved the dynamic correction 
quality compared to a single linear neuron. However, the effect of 
random errors enhancing can still be seen.  

To more detailed evaluation of effectiveness of the proposed 
dynamic correction methods, an dynamic error e(t) has been 
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defined as the difference between the voltage value uc(t) obtained 
as a result of the correction and the voltage value in a steady state, 
which corresponds to the measured gas concentration in the 
appropriate section of the test sequence. So calculated error values 
for the two described methods are shown in Fig. 6b and 7b, 
respectively. 

 
 

a) 

 
b) 

 
c) 

 
Fig. 5. a) The test sequence of step gas concentration changes used to verify  

the effectiveness of correction, b) the non-corrected output signal,  
c) the dynamic error 

 
 

a) 

 
b) 

 

 
Fig. 6. Illustration of effectiveness of the real-time dynamic correction based on 

ANN with single linear neuron (Fig. 4a). a) The corrected output voltage uc, 
b) and errors of correction  

 
 
a) 

 
 
b) 

 
 
Fig. 7. Illustration of effectiveness of the real-time dynamic correction based on 

ANN with two layers nonlinear neurons (Fig. 4b). a) The corrected output 
voltage uc, b) errors of correction 

 
 
4. Conclusions 
 

Despite the simplicity of the applied ANN, the dynamic 
correction algorithms based on them are very effective - the 
transducer response time is significantly reduced. 

The transducer response time without correction is about 7-8 
minutes. Both methods of dynamic correction allow shortening 
this time significantly. In the case of the simple structure 1, the 
response time does not exceeds 90 seconds, whereas in the case of 
structure 2, the time is equal to the sampling period (in the 
conducted studies: 20 seconds). The exception is the case when 
the concentration rise to very small values, for which the response 
time is more than twice as long. 

As was stated above the structure 1 does not take into account 
the dynamic non-linearity of the sensor, due to the use of the 
average linear model. In this case, the degree of shortening the 
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response time depends on the range of changes of the gas 
concentration and varies between 40 and 90 seconds. However, in 
the structure 2, the dynamic non-linearity of the sensor is, to some 
degree, taken into account by extending the network of hidden 
layer with non-linear transfer functions. The research showed that 
a simple 2-4-1 ANN structure allows obtaining a measurement 
result after time equal to the sampling period, independently of 
range of the concentration. 

However, it should be noted that the neural real-time dynamic 
correction is more sensitive to the random errors of input data than 
the algorithm proposed in [8], which is based on dynamic model 
of sensor explicitly specified. In a situation when the corrected 
results contain random errors exceeding acceptable limit values, 
several actions can be taken to reduce them. The simplest way is 
to increase the resolution of the A/D converter. There may also be 
different smoothing algorithms used or the sampling period may 
be increased. But in both cases this leads to an extension of the 
time for obtaining the measurement result. 

The application of ANN technique to the dynamic correction has 
some advantages. The most important of them is that it is not 
necessary to identify neither the dynamic model of the sensor nor 
calculation of the correction algorithm coefficients. This task is 
performed during the learning process of the neural network. 

The verification of effectiveness of the analized correction 
method was based on the analysis of the step response. This 
allows for easy evaluation of the response time of the measuring 
transducer. The effectiveness of the correction for a different type 
of the time variation of the measured value was not examined in 
this case. However, studies carried out previously for other 
correction algorithm, described in [7], has shown that if the 
efficiency is confirmed by the step response method, the 
correction algorithm is effective for other time changes of 
measured value. 
 
5. References 
 
[1] Llobet, E., Vilanova, X., Brezmes, J., Sueiras, J.E., Alcubilla, R. and 

Correig, X.: Steady-state and transient behavior of thick-film tin oxide 
sensors in the presence of gas mixtures. Journal of the 
Electrochemical Society, May 1998, Volume 145, Issue 5, pp. 1772-
1779. 

[2] Matsunaga, N., Sakai, G., Shimanoe and K., Yamazoe, N.: 
Formulation of gas diffusion dynamics for thin film semiconductor 
gas sensor based on simple reaction-diffusion equation. Sensors and 
Actuators B-chemical, Nov. 15, 2003, Volume 96, Issue 1-2, pp. 226-
233. 

[3] Guerin, J., Bendahan, A. and Aguir, K.: A dynamic response model 
for the WO3-based ozone sensors. Sensors and Actuators B-chemical, 
Jan. 15, 2008, Volume 128, Issue 2, pp.  462-467. 

[4] Buck, A.L., Roberts, M.I., Overfelt, R.A., Prorok, B.C. and Crumpler, 
M.S.: Transient response characteristics of electrochemical carbon 
monoxide sensors. 43rd International Conference on Environmental 
Systems, (Conference Paper), ICES 2013, Vail, CO; United States; 
July 14-18, 2013. 

[5] Basu, S.A, Wang, Y.-H.A.B., Ghanshyam, C.A. and Kapur, P.AQ.: 
Fast response time alcohol gas sensor using nanocrystalline F-doped 
SnO2 films derived via sol-gel method. Bulletin of Materials Science, 
August 2013, Volume 36, Issue 4, pp. 521-53. 

[6] Urzędniczok H.: A numerical method for correcting the influence of 
the additional quantities for nonselective sensors. Proceedings of 19th 
Symposium IMEKO TC 4, July 18-19, 2013, Barcelona, Spain, p. 
367-371. 

[7] Urzędniczok H.: Numerical correction of dynamic properties of solid 
state gas sensors. Measurement Automation Monitoring (PAK), vol. 
60, 2/2014, p.80-82 (in Polish). 

[8] Urzędniczok H.: Measuring transducer of gas concentration in gas 
mixture. Przegląd Elektrotechniczny (Electrical Review), 2010, 
Volume 86, Issue 10, pp. 114-117 (in Polish). 

[9] Zimmerschied R., Isermann R.: Nonlinear Time Constant Estimation 
and Dynamic Compensation of Temperature Sensors. Control 
Engineering Practice,18 (2010) 300–310. 

[10] dos Santos R. C., Martinez Pereira I.: Time Response of Temperature 
Sensors using Neural Networks. International Nuclear Atlantic 
Conference - INAC 2009, Rio de Janeiro, Brazil, September27 to 
October 2, 2009. 

[11] Roj J.: Neural network based real-time correction of transducer 
dynamic errors. Measurement Science Review, 2013, Volume 13, No. 
6, pp. 286-291. 

[12] Jakubiec J., Makowski P. and Roj J.: Error Model Application in 
Neural Reconstruction of Nonlinear Sensor Input Signal. IEEE 
Transactions on Instrumentation and Measurement, 2009, 58 (3), pp. 
649-656. 

[13] Minkina W., Gryś S.: Korekcja charakterystyk dynamicznych 
czujników termometrycznych – metody, układy, algorytmy. Wyd. 
Politechniki Częstochowskiej, Częstochowa 2004. 

[14] Shuncai Yao, Rule Gaoa: Nonlinear Dynamic Compensation Research 
on Temperature Measurement System in Coal Mine Movable Refuge 
Chamber. Procedia Engineering 26 (2011) 2306 – 2312. 

[15] Haykin S.: Neural Networks: A Comprehensive Foundation. 2nd 
edition, Prentice Hall, 2008. 

[16] Gupta M., Homma N. and Jin L.: Static and Dynamic Neural 
Networks: From Fundamentals to Advanced Theory. John Wiley & 
Sons, 2003. 

_____________________________________________________ 
Received: 08.07.2015     Paper reviewed     Accepted: 03.11.2015  

 
 
 
 Jerzy ROJ, PhD, eng 
 
He received the MSc and PhD degrees in electrical 
engineering form the Silesian University of Technology, 
Gliwice, Poland, in 1989 and 1998, respectively. His 
research interests include intelligent signal processing, 
improving accuracy of measuring instruments by using  
a microprocessors and artificial neural networks. 
 
 
 
 
 
e-mail: jerzy.roj@polsl.pl 

 
 
Henryk URZĘDNICZOK, PhD, eng 
 
He was graduated from the Silesian University of 
Technology, electrical department, specialty of 
automation and electrical metrology. His research 
interests include sensors, conditioning circuits and 
measuring transducers, in particular cover issues of 
calibration and static as well as dynamic correction of 
non-selective sensors. 
 
 
 
 
e-mail: henryk.urzedniczok@polsl.pl 

 
 
 
 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


